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Abstract 

This study investigates key factors affecting user satisfaction with mobile applications like Shopee, Lazada, and TikTok Shop, focusing on 

promoting community products in Pathum Thani Province, Thailand. As mobile applications gain significance for marketing local goods, the 

research aims to explore how various features influence satisfaction and trust among users. The study collected data from 400 local entrepreneurs 

between January and March 2024, all experienced in using mobile apps to sell products. A confirmatory factor analysis (CFA) was conducted to 

examine five critical factors: requirements, accessibility, accuracy, security, and trust. The findings indicate that accuracy (β = 0.75) and 

accessibility (β = 0.71) significantly impact user satisfaction, emphasizing the importance of precise content and ease of use. Additionally, security 

(β = 0.76) and trust (β = 0.72) play crucial roles in maintaining user confidence in app transactions. All model indicators were validated at the 

0.01 significance level, indicating a good fit for the hypothesized relationships between factors. The study’s novelty lies in highlighting specific 

app features that enhance user experiences in promoting local products. By focusing on the essential aspects of mobile app functionality, this 

research provides valuable insights to developers and local businesses for creating effective platforms, ultimately supporting sustainable economic 

growth. 
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1. Introduction  

As technology and artificial intelligence (AI) continue to advance rapidly, their impact on e-commerce is becoming 

increasingly profound [1], [2], [3]. AI, in particular, has been identified as a key driver of product personalization and 

customization, improving user experiences in digital environments [4]. The widespread adoption of information and 

communication technology (ICT), especially mobile devices, has transformed how businesses operate, with 

smartphones playing a critical role in marketing and sales for e-commerce [5], [6]. 

Mobile applications have significantly enhanced the user experience by providing diverse features that facilitate real-

time communication, efficient transactions, and personalized services. Popular platforms like Shopee, Lazada, and 

TikTok Shop have revolutionized e-commerce in Southeast Asia, capturing substantial market shares and shaping user 

behaviour through convenient and accessible mobile interfaces [7]. The Thai government, particularly the Ministry of 

Commerce, is committed to promoting e-commerce, encouraging businesses at all levels to integrate into the online 

marketplace, and systematically collecting online trade data to formulate consumer-centric policies. 

While these developments illustrate the broader trends in mobile commerce, a critical question remains: how do these 

advancements translate to user satisfaction in more niche markets, such as the promotion of community-based products 

[8], [9]? In particular, promoting community products [10], [11], such as those produced through Thailand's One 
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Tambon One Product (OTOP) initiative [12], [13], [14], [15], requires a deeper understanding of the factors that 

influence user satisfaction and the effectiveness of mobile applications in this context [16], [17]. However, the success 

of these applications is contingent upon their ability to meet user needs—especially in terms of functionality, ease of 

use, and reliability—thereby influencing user satisfaction. 

In the context of this research, several critical factors are identified as having a significant influence on user satisfaction 

with mobile applications designed to promote community products. These factors include accuracy, accessibility, 

security, and trust [18]. Each of these variables plays a vital role in shaping user experiences and perceptions, which, 

in turn, affects satisfaction levels. 

Accuracy refers to the extent to which the information provided by the application (e.g., product details, inventory 

status, and pricing) is precise and reliable. Accurate information helps users make informed decisions and enhances 

trust in the platform [19]. 

Accessibility is defined as the ease with which users can navigate and use the application. This includes aspects like 

the user interface, mobile compatibility, and the ability to access the application from various devices and locations 

[20]. 

Security involves the measures taken by the application to protect users' personal data and ensure secure transactions. 

The perception of strong security features is essential for building user confidence, especially in the context of financial 

transactions and personal information [21]. 

Trust is the level of confidence users have in the platform’s ability to meet their needs consistently and safely. Trust is 

closely linked to both the security and accuracy of the application and is a critical factor in long-term user engagement 

[22].  

By clearly defining these variables upfront, this study provides a framework for analyzing how each factor influences 

user satisfaction in mobile applications designed for promoting community products. Understanding these key factors 

is essential for improving the effectiveness of mobile applications and fostering the economic sustainability of local 

communities. 

Therefore, this research focuses on identifying the key factors influencing user satisfaction in mobile applications 

tailored for community product promotion. By examining the user experience and satisfaction levels in the context of 

grassroots economies, this study seeks to provide insights into how mobile applications can better serve the needs of 

local traders and enhance the marketability of community products. 

The rapid development of mobile applications has transformed the way community products are marketed and sold [4], 

[23]. Despite the potential benefits of using mobile applications for promoting community products, there remains a 

significant gap in understanding how effectively these applications meet user needs and enhance market reach. In 

particular, there is a need to analyze and validate the consistency and reliability of models that measure the use of these 

applications. This research seeks to address the problem of insufficient empirical evidence regarding the effectiveness 

and consistency of mobile application models in promoting community products [24]. As such, the following research 

objectives (ROs) and research questions (RQs) have been developed:  

RO1. To analyze the model used to measure mobile application usage in promoting community products [25]. 

RO2. To assess the reliability and consistency of the model for mobile application use in promoting community products 

[26]. 

RO3. To identify key factors in mobile applications that influence their effectiveness in promoting community products. 

RO4. To provide recommendations for improving mobile application features and functionality based on the analysis. 

RQ1. What are the key measurement model’s components for measuring the use of mobile applications to promote 

community products? 

RQ 2. How consistent and reliable is the measurement model? 

RQ 3. What are the main factors influencing the measurement model’s effectiveness? 
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RQ 4. How can mobile applications be improved to better meet the needs of users and enhance the promotion of 

community products? 

2. Methodology 

This section details the methods and materials used to conduct the study. 

2.1.  Population and Sample 

The study’s population comprises residents of Pathum Thani Province who have experience selling community 

products through smartphone platforms using Shopee, Lazada, and TikTok Shop [5], [6]. A convenience sample of 400 

individuals was randomly selected (table 1) [27]. Convenience sampling was selected due to the accessibility of 

entrepreneurs actively using mobile applications during the data collection period. This method allowed us to 

efficiently reach participants from various districts of Pathum Thani Province who represent a diverse cross-section of 

mobile application users. While convenience sampling is a non-probabilistic method, it was appropriate given the 

exploratory nature of the study and its focus on the practical usage of mobile platforms in community product 

promotion. Participants were selected based on their active involvement in selling products through Shopee, Lazada, 

and TikTok Shop, ensuring that the sample reflects users with relevant experience in e-commerce. 

Table 1. Survey population and sample obtained 

District Population Sample 

Mueang Pathum Thani 211,230 60 

Khlong Luang 288,752 62 

Thanyaburi 212,181 60 

Nong Suea 54,708 52 

Lat Lum Kaeo 69,300 53 

Lam Luk Ka 284,419 61 

Sam Kok 57,064 52 

Totals 1,177,654 400 

Source: [20].  

2.2. Research Tools 

The authors used Google Form to gather data on the use of mobile applications to promote community products. The 

questionnaire consisted of two parts: demographic data collection and opinion-based questions related to mobile 

application use. The opinion section used a 5-point Likert scale to evaluate factors such as accuracy, accessibility, 

security, and trust. These items were validated by five experts, and a pilot study was conducted with 30 participants, 

yielding a Cronbach's Alpha of 0.90, indicating high internal consistency. The scale anchors used ‘5’ as an indicator of 

strongest agreement while ‘1’ was the anchor for the strongest disagreement. 

In addition to evaluating reliability using Cronbach’s alpha, the content validity of the questionnaire was established 

through expert review. Five specialists in mobile application usability and community commerce reviewed the 

questionnaire, ensuring that the questions were aligned with the study's objectives and accurately measured the 

constructs of interest. Additionally, a pilot test with 30 participants, not included in the final sample, was conducted to 

assess the clarity of the questions. Based on their feedback, minor adjustments were made to improve the wording and 

structure of several items, further strengthening the validity of the instrument. 

2.3. Data Collection Methods 

The data for the research were collected using the following methods from both primary and secondary data. Primary 

data consisted of the collection of documents, statistics, and records from government agencies, books, textbooks, 

printed media, the internet, journals, academic articles, and related research reports. Secondary data consisted of data 
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collected from sellers and traders using smartphones and Shopee, Lazada, and TikTok Shop online platforms.  Data 

collection spanned three months from January to March 2024, and involved several steps.  

Firstly, the researchers explained the research objectives and each question to the respondents, providing both paper 

forms and online Google Forms for convenience. Next, the completed questionnaires were reviewed for completeness, 

coded, and analyzed using statistical software. 

2.4. Data Analysis  

The data analysis involved two main types of statistics. These included the use of descriptive statistics to help categorize 

the basic data, including frequency distribution, percentage, mean, and standard deviation (SD), to explain responses. 

The IBM SPSS program was used for this analysis. Inferential statistics were used to test the hypothesis through a CFA 

using LISREL 9.1 software. 

2.5. CFA Goodness-of-Fit (GoF) 

To determine the model fit for the second-order CFA, a GoF was undertaken in which convergent validity (CV) was 

used for construct relationship verification (table 2). Theory suggests that common criteria used for CV analysis include 

the GFI, comparative fit index (CFI), root mean square error of approximation (RMSEA), and the chi-square/df statistic 

[28]. 

Table 2. GoF criteria and study results 

Criteria Index Criteria Theory Study Values Results 

Chi-square: χ2 p ≥ 0.05 [29] 0.06 passed 

Relative Chi-square: χ2/df ≤ 2.00 [29] 1.31 passed 

RMSEA ≤ 0.05 [28] 0.02 passed 

NFI ≥ 0.90 [30] 0.99 passed 

CFI ≥ 0.90 [31] 1.00 passed 

RMR ≤ 0.05 [32] 0.03 passed 

Standardized Root Mean Residual (SRMR) ≤ 0.05 [32] 0.03 passed 

GFI ≥ 0.90 [33] 0.95 passed 

AGFI ≥ 0.90 [33] 0.92 passed 

Cronbach’s Alpha ≥ 0.70 [34] 0.90 passed 

3. Results and Discussion 

3.1. Survey Respondent Characteristics 

The majority of respondents were female, accounting for 59.50%, while the age distribution of the respondents varied 

widely, with the largest age group being 31-40 years old, comprising 25.50% of the total (table 3). This was followed 

closely by the 41-50 age group, which represented 24.00%. In terms of marital status, the largest proportion of 

respondents were single, making up 44.50%. Many of the respondents had obtained a bachelor’s degree (49.00%), 

while another 37.00% had education levels below a bachelor’s degree. The occupational distribution highlighted that 

a substantial portion of respondents were company employees (34.75%), while state enterprise employees constituted 

18.00%, and government officials made up another 14.75%. The income levels of respondents were diverse, with the 

largest income group earning between $554 – $831, making up 25.50%. This was followed by those earning between 

$831 - $1,108 (18.00%).  
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Table 3. Respondent characteristics (n=400) 

Item Respondents % 

Gender 

Men 162 40.50 

Women 238 59.50 

Age Group 

18 - 22 51 12.75 

23 – 30 80 20.00 

31 – 40 102 25.50 

41 – 50 96 24.00 

51 – 60 54 13.50 

61 years of age or older 17 4.25 

Relationship Status 

single 178 44.50 

Married 152 38.00 

divorce 51 12.75 

separated 19 4.75 

Education Level 

Below a bachelor's degree 148 37.00 

Bachelor's degree 196 49.00 

Master's degree 45 11.25 

Doctoral level 11 2.75 

Occupation 

Government service 59 14.75 

State enterprise 72 18.00 

Company employee 124 31.00 

Personal business 26 6.50 

Student/student 78 19.50 

Other 41 10.25 

Monthly Income 

10,000 baht or less ($280) 54 13.50 

10,0001 - 20,000 baht ($280-$560) 43 10.75 

20,0001 - 30,000 baht ($560-$840) 97 24.25 

30,0001 - 40,000 baht ($840-$1,120) 98 24.50 

40,0001 - 50,000 baht ($1,120-$1,395) 71 17.75 

50,000 baht per month or more ($1,395 plus) 37 9.25 

3.2. CFA Data Analysis 

The data presented in table 4 details the results of the CFA for opinions on using community product promotion 

applications. Each item represents a specific feature or characteristic of the mobile application for selling community 

products, such as design, ease of use, functionality, security, and trust. 

Moreover, in a CFA, 'B' and ‘β’ (beta). are commonly used to represent factor loadings or weights, indicating how 

strongly each observed variable (indicator) is associated with its underlying latent construct (element) [35]. 

Unstandardized regression coefficients (B) are the raw, unstandardized slope of the regression line between the 

predictor variable and the dependent variable. It shows the change in the dependent variable for a one-unit change in 
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the predictor variable, holding all other predictors constant. On the other hand, β (beta) represents the standardized 

regression coefficient which is generally more important for interpretation because they are on a common scale (usually 

from -1 to 1 or 0 to 1), allowing for direct comparison of how strongly each indicator contributes to the latent construct. 

Furthermore, the standard error (SE) measures the accuracy of the coefficient estimates. Smaller standard errors 

indicate more precise estimates, while larger SEs suggest greater uncertainty. The t-value is a ratio of the departure of 

an estimated parameter from its notional value (usually 0) to its standard error. It is used to determine the significance 

of the coefficients. Higher t-values (typically above 1.96 for a 95% confidence level) indicate that the coefficient is 

significantly different from zero. R-squared (R²) values represent the proportion of variance in the observed variable 

that is explained by the latent construct. Higher R² values indicate that the model explains a substantial portion of the 

variance in the data. The mean shows the average rating given by respondents for each item, providing insight into 

overall satisfaction or agreement with each aspect of the mobile application. The SD indicates the variability or 

dispersion of the ratings. Lower standard deviations suggest that respondents' opinions are more consistent, while 

higher standard deviations indicate more varied responses. 

Table 4. 2nd-order CFA results 

Element/Indicator 
Element weights 

R2 
  

β B SE t** mean SD 

Requirements (MAR)        

Mobile app’s design, content, and images meet user needs 

(MAR1). 

0.68 0.68 - - 0.46 4.33 0.86 

Mobile apps offer convenient steps that meet user needs (MAR2). 0.76 0.76 0.05 14.12 0.58 4.23 0.94 

The mobile app has functionalities that meet user needs (MAR3). 0.78 0.78 0.05 14.13 0.61 4.21 0.93 

Mobile apps’ management aligns with user needs (MAR4). 0.78 0.78 0.05 13.13 0.61 4.17 0.96 

Mobile apps are a preferred channel, meeting needs more 

effectively than other channels (MAR5). 

0.72 0.72 0.05 13.07 0.52 4.10 1.02 

Mobile apps provide fast and modern technology, meeting 

information needs better than other channels (MAR6). 

0.67 0.68 0.05 12.52 0.46 4.19 0.94 

Averages 0.73 0.73 0.05 13.39 0.54   

Accessibility (MAA)        

Mobile selling apps are easy to use and not complicated (MAA1). 0.68 0.68 - - 0.46 4.20 0.90 

Mobile selling apps are easily accessible (MAA2). 0.66 0.66 0.05 12.49 0.44 4.19 0.91 

Mobile selling app content and language are easy to understand 

(MAA3). 

0.67 0.67 0.05 12.73 0.46 4.33 0.87 

Mobile selling app users can easily operate the mobile application 

by themselves (MAA4). 

0.77 0.77 0.05 14.44 0.60 4.38 0.80 

Mobile selling apps are accessible anytime, anywhere, and on any 

device, 24/7 (MAA5). 

0.77 0.77 0.05 14.33 0.59 4.33 0.86 

Mobile selling app users can check their login history to prevent 

mistakes at any time (MAA6). 

0.71 0.71 0.05 13.41 0.51 4.33 0.79 

Averages 0.71 0.71 0.05 13.48 0.51 4.20 0.90 

Accuracy (MAC)        

The structure and design of mobile selling apps are accurate 

(MAC1). 

0.72 0.72 - - 0.51 4.36 0.83 

The content and language used in the mobile application for selling 

community products are accurate (MAC2). 

0.77 0.77 0.05 15.06 0.59 4.31 0.88 

Mobile selling apps' communication and interaction are accurate 

(MAC3). 

0.75 0.75 0.05 15.06 0.56 4.35 0.88 
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Element/Indicator 
Element weights 

R2 
  

β B SE t** mean SD 

Mobile selling apps processing system for selling community 

products is accurate (MAC4). 

0.76 0.75 0.05 15.13 0.57 4.33 0.86 

Mobile selling app displays are accurate (MAC5). 0.72 0.72 0.05 15.51 0.52 4.34 0.80 

Mobile selling app management processes are accurate (MAC6). 0.77 0.77 0.05 15.51 0.60 4.23 0.85 

Averages 0.75 0.75 0.05 15.25 0.56   

Security (MAS)        

Mobile selling apps have a secure identity verification and access 

system (MAS1). 

0.79 0.79 - - 0.62 4.22 0.85 

Mobile selling app users have confidence in the security system 

(MAS2). 

0.78 0.78 0.05 17.41 0.61 4.29 0.83 

Mobile selling app communication processes are secure (MAS3). 0.74 0.74 0.05 16.19 0.54 4.29 0.81 

Mobile selling apps' financial transaction systems, including 

payments and transfers, are secure (MAS4). 

0.74 0.74 0.05 16.27 0.55 4.30 0.85 

Mobile selling apps logistics system for transporting goods is 

secure (MAS5). 

0.76 0.76 0.05 16.90 0.58 4.31 0.80 

Mobile selling apps have strict and secure regulations to protect 

sellers' personal information (MAS6). 

0.77 0.78 0.04 17.51 0.61 4.25 0.81 

Averages 0.76 0.77 0.05 16.85 0.59   

Trust (MAT)        

Users have a good attitude and trust the mobile application’s 

management system (MAT1). 

0.72 0.72 - - 0.52 4.22 0.86 

Users trust the access system of the mobile application (MAT2). 0.67 0.67 0.04 15.49 0.45 4.25 0.79 

Users trust the data processing on the mobile application (MAT3). 0.75 0.75 0.05 16.38 0.56 4.35 0.81 

Users trust the display on the mobile application (MAT4). 0.69 0.70 0.05 13.60 0.49 4.33 0.83 

Users trust the information, technology, and communication 

responses on the mobile application (MAT5). 

0.72 0.73 0.05 14.23 0.53 4.25 0.86 

Users recommend the mobile application for selling community 

products to others, highlighting its benefits (MAT6). 

0.77 0.77 0.05 15.15 0.60 4.31 0.81 

Averages 0.72 0.72 0.05 14.97 0.53   

**Sig.<.01 

3.3. Second-Order CFA Model Fit 

The second-order CFA model shows an excellent fit to the data, indicating that the hypothesized factor structure is 

well-supported (figure 1). The fit indices, including chi-square, p-value, and RMSEA, all suggest a well-fitting model, 

with RMSEA particularly reinforcing the adequacy of the model. This supports the validity of the second-order factors: 

requirements (MAR), accessibility (MAA), accuracy (MAC), security (MAS), and trust (MAT). These results 

demonstrate that the second-order CFA constructs are valid and that the data supports the hypothesized relationships 

between the observed variables and the higher-order latent factors. The second-order CFA conducted on the use of 

community product promotion applications, revealed significant results at the 0.01 level for all components analyzed, 

further validating the model. 
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Figure 1. Final second-order CFA for Thai entrepreneur online mobile smartphone usability app indicators 

Note: Weights are represented by β (beta-standardized regression coefficients) 

3.4.Security (MAS) 

Security emerged as the most critical element, with a mean weight of 0.765. This finding is consistent with the work 

of Ehikioya and Guillemot [36], who reported that networking and security are the greatest determinants of success in 

e-commerce applications. The most significant item within this component was the secure access system (MAS1), with 

a weight of 0.786, indicating that users highly value authentication and secure access [37], [38]. Additionally, the 

presence of strong legal protections to safeguard personal information (MAS6), with a weight of 0.783, underscores 

the necessity of legal frameworks to ensure user confidence. The lowest weighted item was the safety of communication 

(MAS3), which still maintained a respectable weight of 0.737, highlighting the overall importance of security across 

different facets of the application. 

3.5. Accuracy (MAC) 

Accuracy (MAC) also played a vital role, with an average weight of 0.747. This component emphasizes the precision 

and correctness of information and operations within the applications [39]. The most heavily weighted item was the 

accurate work steps (MAC6), scoring 0.772, which indicates that users prioritize the reliability of operational processes. 

Accurate language use (MAC2) followed closely with a weight of 0.768, emphasizing the need for clear and precise 

communication. Although the lowest weight in this component was attributed to the accurate design and development 

(MAC1), with a weight of 0.717, this still reflects a strong expectation for accuracy in application design. 

3.6. Requirements (MAR) 

In the CFA results, efficiency, satisfaction, and effectiveness were significant components of the measured usability 

factors. For example, the weight of 0.783 for the mobile application’s ability to meet user needs (MAR3) directly 

reflects efficiency in delivering expected functionalities. Similarly, the high weight for design and content (MAR1, β 

= 0.68) demonstrates effectiveness in terms of usability, as users consistently rated applications with well-structured 

interfaces higher [40]. Satisfaction was most directly tied to the overall design and operation of the applications, as 

reflected by a weight of 0.772 for the accuracy of operational processes (MAC6). These weights demonstrate the 

relative importance of different usability factors and how they contribute to user satisfaction. 
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Requirements (MAR) had an average weight of 0.734, focusing on the essential functionalities that meet user needs. 

The most significant items within this component were the mobile application’s ability to meet user needs through 

functionality (MAR3) and management (MAR4) both with a weight of 0.783. These findings are also consistent with 

a systematic review of mobile app usability conducted by Weichbroth [37] in which the author determined that the ISO 

9241-11 usability definition has been adopted in an unchanged form and popularized as the standard. As such, from 

the 75 features identified, efficiency was ranked as the most important to mobile app users (70%) (figure 2). This was 

followed by satisfaction (66%) and effectiveness (58%). Quite interestingly at the bottom of the list was simplicity 

(13%) and ease of use (9%). However, in this study's measurement of mobile app ease of use (MAR2) to Thai 

entrepreneurs, it was determined to have had more significant importance [41], with a weight of 0.759. However, the 

ability to meet information technology needs faster than other channels (MAR6), with a weight of 0.679, was less 

critical compared to other requirements. 

 

Figure 2. Mobile app usability frequency and attributes 

Source: [39] 

3.7. Accessibility (MAA) 

In the CFA results, the item "ease of accessing functions" (MAA2, β = 0.66) had the lowest weight within the 

accessibility construct. This lower weight suggests that while functional access is important, users prioritize other 

aspects of accessibility, such as the overall ease of use (MAA1, β = 0.77) and 24/7 availability (MAA5, β = 0.77) [42] 

Michels. These results indicate that users may find mobile applications generally accessible in terms of interface design 

but are less concerned with the intricacies of accessing specific functions, particularly when other factors like reliability 

and convenience are met. 

3.8. Trust (MAT) 

The trust construct was measured using six items, including confidence in the mobile application’s security systems 

(MAS2, β = 0.78) and user recommendations (MAT6, β = 0.77) [43]. The relatively high weight of security-related 

items reflects the importance users place on feeling secure when using mobile applications for financial transactions 

and data sharing. In contrast, trust in the application’s access system (MAT2, β = 0.67) received a lower weight, 

suggesting that while security is paramount, other aspects of trust, such as access reliability, are less critical. These 

findings demonstrate that building user trust, particularly in the application’s ability to protect sensitive information, is 

essential for fostering long-term usage and satisfaction. Trust in data processing (MAT3) was also significant, with a 

weight of 0.75, emphasizing the importance of reliable data handling [44].  

3.9. E-commerce Growth 

Thailand’s e-commerce sector has experienced significant growth in recent years, driven by increased internet 

penetration, widespread smartphone usage, and government initiatives aimed at promoting online trade [45]. With Thai 

mobile commerce through the use of social media expected [45] to account for over 80% of online sales by 2025, the 

role mobile applications play in the country’s digital economy is critical. However, other sources further illustrate the 
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multifaceted drivers of this growth such as Statista [46] which projects Thailand’s e-commerce revenue to reach $19.28 

billion in 2024. This is being driven by increased online retail activities, particularly in the beauty and personal care 

items, food, electronics, and fashion products (figure 3).  

 

Figure 3. Thai e-commerce growth [46] 

The government’s policies, such as the “Thailand 4.0” initiative, also support e-commerce growth by encouraging 

digitalization and the integration of online platforms in both urban and rural areas [47], [48]. The future of e-commerce 

in Thailand is promising, driven by technological advancements, better internet access, and evolving consumer 

behaviors. AI and Big Data will enable personalized shopping [23], [49], optimized supply chains, and improved 

customer service [22]. Social commerce, through platforms like shoppable posts and live streaming, is rising, especially 

among younger consumers. Omni-channel retailing is also growing, as consumers expect seamless experiences across 

online and offline stores. With better internet and logistics, rural e-commerce offers new growth opportunities. 

Additionally, sustainability and ethical consumerism are becoming key, with businesses focusing on eco-friendly 

practices to attract conscientious consumers. Companies that embrace these trends will be well-positioned for success 

in Thailand’s evolving digital economy. 

Moreover, a World Economic Forum report emphasizes that Southeast Asia’s digital economy, including Thailand, is 

expanding rapidly due to the shift in consumer behavior post-pandemic. The surge in demand for online shopping has 

prompted businesses to invest in improving their digital infrastructure, thus accelerating the adoption of mobile 

applications for a $1 trillion e-commerce regional economy by 2030. 

These additional perspectives underscore the rapid and diverse growth of Thailand’s e-commerce market, driven not 

only by technological advancements but also by changing consumer habits and supportive government policies. This 

broader view strengthens the analysis of the role mobile applications play in promoting local and community products, 

especially in rural and semi-urban areas where mobile penetration is critical. 

The analysis revealed that accuracy and accessibility are the most critical factors driving user satisfaction with mobile 

applications for community product promotion. Security and trust also emerged as significant contributors [17], [28], 

[30]. In Section 3.6, we discussed the weight values for accuracy, which averaged 0.747. In comparison, the weight 

values for accessibility averaged 0.712, while security (0.765) and trust (0.724) also showed strong contributions [18]. 

This comparative analysis highlights that while all factors significantly impact user satisfaction, security emerged as 

the most critical component, slightly outweighing accuracy. This suggests that while the precision of information is 

essential, users prioritize secure interactions and data protection when using mobile applications for e-commerce. 

Accessibility, though important, was slightly less critical compared to accuracy and security. 
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Accuracy, in this context, refers to the precision and reliability of the information provided by the mobile applications, 

such as product details, transaction processes, and customer interactions. Accessibility pertains to how easily users can 

navigate and use these applications, including seamless 24/7 access across various devices. 

These findings align with prior research on e-commerce platforms, which highlights that user prioritize application 

functionality, reliability, and ease of use [41]. However, the emphasis on security and trust—especially in the context 

of financial transactions and user data protection—introduces an additional layer of importance for community 

entrepreneurs in Pathum Thani Province. Previous studies have also noted the importance of security in e-commerce 

success, particularly in developing markets where trust in online systems is crucial for adoption [38]. 

This study's novelty lies in its regional focus on Pathum Thani Province, providing empirical data specific to 

community entrepreneurs. While much research has focused on urban or national-level e-commerce trends, this study 

highlights the unique challenges and opportunities faced by local entrepreneurs. By validating a model that includes 

these key satisfaction factors, this research contributes new insights into mobile application usability within the context 

of community product promotion in Thailand. 

4. Conclusion 

The second-order CFA of community product promotion applications highlights five critical components essential for 

their success: security, accuracy, meeting user requirements, accessibility, and trust. Security stands out as the most 

crucial, with users prioritizing secure access systems and robust legal protections. Accuracy is highly valued for its 

role in ensuring reliable operational processes and clear communication. The requirements component underscores the 

need for comprehensive functionality and efficient management, enabling applications to meet user needs effectively. 

Accessibility is vital for ease of use and the ability to access applications anytime and anywhere. Trust remains pivotal, 

as users rely on strong recommendations and the reliable handling of their data. 

The findings also show that accuracy and accessibility are paramount in determining user satisfaction with mobile 

applications. Users expect mobile platforms to provide precise product information and reliable transaction processes, 

which directly impact their willingness to continue using the apps. These results underscore the importance of 

developing mobile applications that are not only easy to use but also accurate and trustworthy. 

The significance of security and trust cannot be overstated. For community entrepreneurs, the safety of financial 

transactions and the protection of personal information are critical to fostering long-term use. These findings are 

consistent with prior research by Ehikioya and Guillemot [36], which noted that security systems, particularly for 

financial transactions, are key determinants of success in mobile commerce [17], [28], [30]. 

These findings provide valuable insights into the development and improvement of community product promotion 

applications. By prioritizing these key components, developers can create more effective and user-friendly applications 

that meet the evolving needs of their communities. 

Despite the valuable insights gained from this study, several limitations should be acknowledged. First, the relatively 

small sample size may limit the generalizability of the findings. The results may not fully represent the broader 

spectrum of community product promotion applications, as the study focused on a specific subset of these applications. 

Additionally, the cross-sectional nature of the research does not allow for the examination of changes in user 

preferences or application effectiveness over time.  

In addition to the sample size and generalizability, other potential limitations of this study include response bias due to 

the use of convenience sampling. Participants who are more familiar with mobile applications may have been more 

likely to respond, potentially skewing the results. Furthermore, the reliance on self-reported data introduces the 

possibility of social desirability bias, where respondents may have provided answers, they believe are more socially 

acceptable. Finally, the use of both online and paper questionnaires may have introduced variability in responses, as 

different modes of data collection can result in differences in how questions are interpreted. 

Future research could benefit from employing a larger, randomized sample to improve the generalizability of the 

findings. Expanding the sample to include a broader range of regions beyond Pathum Thani Province would provide a 

more comprehensive understanding of mobile application usage in different cultural and socio-economic contexts. 
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Additionally, a longitudinal study could track changes in user satisfaction over time, particularly as mobile applications 

evolve and user expectations shift. Such studies could provide valuable insights into the long-term impacts of mobile 

app improvements on community commerce and user satisfaction. 
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